ABSTRACT With the economic globalization and the intensification of market competition, competition between enterprises has developed into competition between supply chains. The influence and change of the Internet of Things (IoT) technology on the spatial structure and economic relationship of supply chain are all-round and profound, and then affect the allocation of resources and supply chain operation, which will lead to many new management problems. These problems will become a new field of enterprise supply chain management innovation. Based on the fuzzy theory, this paper uses six-point fuzzy numbers to represent the uncertainty in the supply chain and uses the possibility theory to establish the evaluation criteria for the overall performance of the supply chain. In order to satisfy the constraints of the final product order fulfillment rate and minimize the overall inventory cost of the supply chain, the model integrates and optimizes the manufacturing resource allocation strategy of the supply chain in the IoT. Finally, the effectiveness of the model is verified by simulation, which provides theoretical support for the decision-making of the supply chain enterprises in the IoT environment.
I. INTRODUCTION
With the rapid development of information and communication technology, the Internet of Things (IOT) technology is getting more and more widely used in the field of production and circulation. The innovation of enterprise resources integration, production operation and transaction mode caused by the Internet of Things technology has promoted the efficiency of production and circulation greatly, and is triggering the change of production and consumption mode of human society, which has been paid universal attention by all countries in the world. Sha and Fan [1] used SWOT method to analyze the various links of China's Internet of Things industrial chain, and found that China's Internet of Things industrial chain has good prospects for development, broad market, solid foundation and other advantages, but there are imbalances in development, technology and application deficiencies. Under the background of the rapid development of the Internet of Things, the research on supply chain enterprises has also become a hot topic of many scholars.
Chen and Wang [2] and others constructed measurement indicators reflecting the degree of integration between the company and upstream and downstream, verified the role of supply chain integration in promoting corporate financial performance, and revealed the mechanism of supply chain integration affecting corporate performance. The study expands the theory of corporate performance in the new economic environment, and provides empirical basis for companies to formulate business strategies and government to formulate industrial policies.
The development of Internet of Things (IOT) has produced a large number of node data of supply chain enterprises. To solve the problem of resource allocation optimization in supply chain enterprises, Chang et al. [3] established mathematical models when the reduction of ordering fee is independent of lead time and the interaction between the reduction of ordering fee and lead time, and gave an iterative algorithm to find the optimal solution. With the development of fuzzy set theory, more and more scholars use various fuzzy numbers to express the uncertainty and fuzziness of decision making information. In this paper, six-points fuzzy numbers are applied to deal with the uncertainty in the management of supply chain enterprises, fuzzy decision-making mathematical model is constructed, and the cloud platform is used to calculate the solution.
In this paper, firstly, the characteristics of supply chain enterprises' operation behavior under the Internet of Things (IOT) environment and related research at home and abroad are introduced. Then, a fuzzy decision-making model is established for the inventory management system of supply chain enterprises, which further optimizes the resource allocation of supply chain enterprises. Finally, simulation is carried out to verify the validity of the model.
II. ANALYSIS OF SUPPLY CHAIN ENTERPRISES' OPERATION BEHAVIOR UNDER THE ENVIRONMENT OF INTERNET OF THINGS
The rapid development of Internet of Things technology will make the supply chain node network structure transit from between enterprises to between production facilities and service facilities within the organization, and then optimize the allocation of enterprise surplus resources, operational decision-making and the way of coordinated development. From the perspective of economic ownership, considering these resources from different stakeholders (enterprises), after sharing through information technology, the complex interests and conflicts of interests caused by the ownership of resources, and the economic attribute of resources is exactly what supply chain enterprises do in the course of operation. Decision-making needs to consider the primary issue, so from the perspective of the economic ownership of resources in the context of the Internet of Things supply chain enterprise operation behavior is the fundamental way to optimize the development strategy of supply chain enterprises.
A. RELATED WORK
(1) Research on resource allocation of supply chain enterprises under the environment of Internet of things
The application of technology in the Internet of things is rapidly entering the field of production and circulation. After the technology of Internet of Things is embedded in the supply chain system, the transformation from ''enterpriseenterprise'' to ''thing-thing'' is realized, and the resources are shared in the supply chain across the boundary of the enterprise. Around the problem of optimal allocation of manufacturing resources, scholars at home and abroad have carried out theoretical and applied research on various advanced manufacturing modes. Most of them focus on advanced manufacturing modes such as virtual enterprises, application service providers [4] , agile manufacturing, networked manufacturing, grid manufacturing, and so on. Optimal allocation model. Zhang Lin (2010) and others expounded the construction process of ''Manufacturing Cloud''. The resources were divided into hard resources and soft resources [5] , and the meta-description model of manufacturing capability was given to realize resource service encapsulation, which laid the foundation for optimizing resource allocation. In the aspect of resource allocation, most of the researches are based on the logistics model, and verify the advantages and disadvantages of the solution mechanism from different algorithms. Wang et al. [6] (2012) and others set up the information flow and the material flow on the time and cost impact coefficient, and use the maximum inheritance method to solve the optimization allocation model of the resources of the Internet of Things. Type. However, such literature ignores the property rights relationship between resources and services in Internet of things services. Only when the matching results of the Internet of Things service platform conform to the interests of enterprises, can the impact of this property right relationship on the resource allocation of the Internet of Things service platform be weakened.
(2) Research on Fuzzy Algorithm in optimizing supply chain enterprise resources Inventory decision-making in uncertain environment is a common and typical problem in inventory management modeling and optimization [7] . In the aspect of inventory system cost measurement, the traditional inventory control model often converts the fuzzy and imprecise data into clear data to model, such as inventory holding cost and shortage cost, which are difficult to express accurately with a clear value. In recent years, the application of fuzzy set theory in the field of inventory control has attracted the interest of many scholars. Petrovic et al. [8] and Giannoccaro et al. [9] used fuzzy set theory to establish a model for the uncertainty in the supply chain. Based on this model, the inventory ordering point of a single enterprise was studied, and a simulation model was established to optimize the supply chain. Ilaria Giannoccaro [10] also considers the use of fuzzy sets to represent market demand and inventory costs, and formulates inventory policies with the objective of minimizing inventory costs. These research results mainly use the fuzzy set theory to model the demand or cost, and apply the extended principle to solve the problem. The research objects are mostly Single-echelon inventory system, one-to-one supply chain system or serial supply chain system, seldom involve ''oneto-many'' and ''many-to-many'' supply chain system, and do not consider the distribution system [11] . The influence of service level on inventory decision.
On the basis of these theories, this paper hopes to establish a fuzzy decision-making model aiming at resource optimization and inventory cost minimization of supply chain enterprises, using fuzzy theory to deal with the demand of various supply chains, taking into account the lead time of orders, decision-makers' attitude to risk and other factors, and thus to form inventory. Strategy to optimize the resource allocation of supply chain enterprises
The nodes in the supply chain structure are centralized with facilities, and the relationship between nodes is expanded VOLUME 6, 2018 from B2B to B2B + B2T + T2T, which makes the supply chain system more complex. The supply chain structure interwoven with property rights and transaction relations increases the complexity of the supply chain and makes it difficult to establish an accurate decision-making model [12] . At the same time, the data generated by Internet of Things and cloud services have the characteristics of huge amount of data (Volume), various types of data (Variety), rapid emergence of data streams (Velocity) and data realism (Veracity). The characteristics of the above 4V determine that supply chain enterprises can only make incomplete decisions because they cannot grasp all the relevant data that affect decision-making in time.
In this case, the enterprises in the supply chain will need to provide large data-related services to provide valuable information for enterprises to make more reasonable decisions. Data analysis services provided by large data service providers can make the data generated in the production and operation activities of enterprises under the environment of Internet of Things become a unique value-creating resource. The data value chains formed by them will intervene in the traditional product and service supply chains, and add new data-based services to the supply chain. Functional nodes and a new profit model based on data services provide new bargaining weights for downstream and upstream enterprises in the process of gaming, which may change the structure and trading relationship of the original product and service supply chain, as shown in Figure 1 . 
C. CLOUD PLATFORM SERVICE
Before embedding the Internet of Things (IOT), because the facility resources and demand information are not transparent, the supplier and the demander of resources are often in the contradiction of imbalance between supply and demand. The supplier and demander of resources often do not know the situation of the other side's resources, that is, the supplier of resources cannot accurately estimate the demand of the market, and the demander of resources cannot accurately understand the supply of resources, resulting in inadequate information caused by resource overcapacity or shortage. After the implementation of the Internet of Things (IOT), the related resources of enterprises in the supply chain can be interconnected to realize the deep visibility of resource information. Through the cloud service platform, the suppliers and demanders of intelligent facility resources can ''see'' the status of resource availability in the supply chain in real time and obtain the corresponding cloud services according to the needs of enterprises.
At the same time, based on the large data application of cloud service platform [13] , the information of enterprises can be shared on the platform in real time. Informationization poses a threat to the privacy of enterprises, but the danger is no longer the leakage of privacy, but the foreseeable possibility that the algorithm will guide the prediction of possible bankruptcy, default, and opportunistic behavior of enterprises. Enterprises are unable to buy insurance, unable to loan or even obtain cooperation opportunities. The disclosure of these behavior information privacy will make enterprises in the supply chain pay more attention to their behavior standards.
In addition, with the support of cloud service platform, consumers can participate in the design and production process of the whole supply chain, enterprises can obtain more information about customers, thus reducing the fluctuation of demand. At the same time, according to the customization needs of customers, we can decompose the service functions and integrate and schedule the available capabilities, and realize the optimization of ''Custom requirements → Distinguish → Resource capacity demand → Resource capability integration → Dispatch'' process, and then achieve a deeper level of customization and personalization.
D. RESOURCE ALLOCATION OPTIMIZATION OF SUPPLY CHAIN ENTERPRISES UNDER THE ENVIRONMENT OF INTERNET OF THINGS
The use of Internet of Things (IOT) technology can enable enterprises in the supply chain to quickly release the required resource information, improve resource utilization, and change the way enterprises allocate resources; at the same time, it also makes supply chain nodes refine from enterprises to facilities, and puts forward new problems of job scheduling and service pricing for enterprises. Figure 2 shows the schematic diagram of the ''cloud'' resource allocation framework in the supply chain of Embedded Internet of things (1) Modeling and optimization of supply chain network structure based on Internet of things technology Under the Internet of Things (IOT) technology, the supply chain node enterprise type adds the node based on facilities and the data supplier node developed around the large data value, and the relationship between the node types also adds B2T and T2T types. The supply chain network structure with multiple node types and multiple relationship types is more complex, and its construction model, performance description and optimization methods are different from the traditional supply chain. Supply chain enterprises need to accurately describe the types of multiple nodes and relationships embedded in the Internet of Things (IOT), and establish appropriate models to study the resource allocation decisions of supply chain enterprises in the IOT environment.
(2) Mechanism of resource allocation in supply chain enterprises under the environment of Internet of things [14] In the Internet of Things (IOT) environment, cloud platforms create conditions for deep visibility and convenient availability of resources in the supply chain. Facing demand, enterprises can integrate service resources through cloud platform to meet customer needs. In theory, the Internet of Things can optimize the allocation of resources in a wider range than the traditional market. However, as a new virtual resource-capability-matching market, cloud platform still has unknown transaction costs and enterprise operational decision-making behavior characteristics (e.g. the interaction of ''trickle taxi'' and ''fast taxi'' taxi software). The phenomenon caused by competition. In the Internet of Things (IOT) environment, it is the basis of studying the coordination of supply chain and the improvement of Pareto in the Internet of Things (IOT) environment to study the market characteristics of resource capability of cloud platforms, discover the decision-making behavior of resource capability transaction based on cloud platforms, and study the mechanism of integrating resources and platforms in the cloud platforms to match resources between suppliers and suppliers [15] .
III. ESTABLISHMENT OF FUZZY DECISION MAKING MODEL
To solve the problem under the environment of Internet of things of the complexity of the supply chain enterprise resource allocation and the supply chain inventory node decision making problems, the paper introduced fuzzy algorithm, through the analysis of supply chain collaboration between enterprises, establish a fuzzy decision model at six [16] , optimize supply chain inventory management, and help the storage nodes in and out of the materials of decision-making provide a reliable guarantee.
A. FUZZY REPRESENTATION OF UNCERTAINTY IN SUPPLY CHAIN
Fuzzy theory has a wide range of applications in various fields, usually used to deal with a variety of uncertainties and some uncertain information, especially in the scheduling, engineering design, production management and other aspects have been widely used. Fuzzy theory provides an alternative and convenient framework for dealing with uncertain parameters of supply chain. Especially in the absence of historical data, this kind of processing is more convenient than the application of probability theory. In this case, the range of parameters and approximate values can be estimated by experts.
In this paper, the uncertainties (customer demand, supply delay time, material delivery time, production time, etc.) in supply chain are mainly represented by fuzzy numbers with probability distribution. Triangular fuzzy number and trapezoidal fuzzy number are widely used in engineering and management fields because of their intuitive and efficient calculation. However, the multiplication and division are often used in the operation, so sometimes there are errors in the calculation results. In this paper, we choose six fuzzy numbers which are less applied at present to improve approximation and computation efficiency.
Let A be a fuzzy number: A = x, µ A (x) |x ∈ X where µ A (x) 0 < µ A (x) ≤ 1 is called x belongs to the membership function or membership degree of set A. Given an arbitrary real number α ∈ [0, 1], a general set α A = x µ A (x) ≥ α denotes a α level cut set of fuzzy set A, A six-point fuzzy number M = m (ε) , m (γ ) , m (1) , m (1) , m (γ ) , m (ε) is a piecewise linear fuzzy number, which allows decision makers to specify intuitively defined better α-level sets to represent uncertain data.
• µ M (x) = 1 indicates that x must belong to set M.
• µ M (x) ≥ γ indicates that x is more likely to belong to set M.
• µ M (x) ≤ ε indicates that the possibility of x belong to M is small. Now the variable x is used to represent the demand of a certain product, and its uncertainty is expressed by a six-point fuzzy number d. Its membership function µ d (x) is used to represent the various possibilities of the value of the demand x. The value in interval d (1) , d (1) is the most likely value of demand x, while the value outside interval d (ε) , d (ε) is the least likely value. In the interval d (γ ) , d (1) and d (1) , d
, the value of x-x is very possible, as shown in Figure 3 . For convenience of calculation, ε in this paper takes 0.
B. FUZZY ESTABLISHMENT OF FUZZY DECISION MAKING MODEL BASED ON POSSIBILITY THEORY
The supply chain model designed in this paper is a general network structure, including a series of nodes and facilities. These nodes have the function of purchasing materials, processing raw materials into semi-finished products or final products, or distributing the final products to the end customers. Each node usually consists of two specific operations, one is a material receiving operation, which is used to receive raw materials from the upstream node and then store them as a stock of raw materials. Another job is a production job, which is used to turn the material purchased from the upstream node into the output of the local node, where the production capacity can be limited. The output of each node is used as a product inventory to prevent shortages. Therefore, the entire supply chain can be seen as a network of individual nodes, each node has its own inventory system to store the products of the node, which will be provided to the downstream node or the final customer. If the order of the downstream node exceeds the inventory that the node currently owns, part of the order will be satisfied, and the other part will be provided to the downstream node when more products are produced so that the inventory can meet the needs. We also assume that the inventory of all nodes is periodically reviewed, so that the corresponding inventory cost and order completion rate of each node including the node that stores the final product can be determined.. The basic model of a single node is established to determine the order completion rate and inventory cost according to the demand of the downstream node of a certain inventory commodity on a single node and the material response time of the upstream node [17] . Material response time (MRT) of a product is the waiting time for an order to be fully fulfilled if the inventory of the product is not fully met (i.e. out of stock), and the required product is produced so that the order can be fully fulfilled.
Assuming that node g produces a component j (inventory product g for node j) and all downstream nodes requiring j are set to H gj , let d n denote the fuzzy demand for inventory product i on node r each week, where r is the downstream node of g, i is the inventory product of r, and r produces i requiring j product (r ∈ H gj ) provided by g node g. The total demand for inventory products j can be expressed as:
In the formula, d ri is the weekly fuzzy demand for inventory product i on node r; b ij is the number of components j required to produce a unit of product i; and P grj is the proportion of product j outsourced to node r to node g (not all j orders from g for r)
The demand for an inventory product j of the upstream node can be calculated according to the demand i of the products of the downstream node. Next we calculate the fuzzy replenishment lead time of the inventory product j of node g. For inventory product j, fuzzy replenishment lead time L j includes fuzzy material lead time M j (the time from upstream node to node g), fuzzy delay time j (due to the shortage of upstream node or supplier of g) and fuzzy production time P j (the time required to process raw material into j). G gj is used to represent the set of all upstream nodes that are transported to node g, and the fuzzy material lead-time is defined as the maximum lead-time from the upstream node to the current node:
In the formula, M j is the lead time of fuzzy material; m q is the fuzzy material lead time for node∈ G gj to provide necessary material for node g.
Material delay time of product j is defined as the maximum fuzzy material response time for all upstream nodes providing parts:
In the formula, j is the material delay time of product j; τ q is the fuzzy material response time of the upstream node q of the material needed for the product j produced by the current node when the material is out of stock.
This time delay is the time spent by the supplier to meet the order needs. It is important to determine the supplier's material response time because it affects the order completion rate and supply time of the inventory products at the current node.
C. ESTABLISHMENT OF FUZZY DECISION MAKING MODEL FOR SUPPLY CHAIN
In this paper, we use probability theory to give the response time of an inventory product [18] . The model takes into account the decision maker's (pessimistic or optimistic) attitude towards risk when evaluating the overall performance of supply chain operation.
Given a variable x ∈ A, probability measure of a random events x ∈ P can be defined as :
Fuzzy material response time of inventory product k of node∈ G gj can be defined as a probability distribution of waiting time. The fuzzy material response time of inventory product k on node∈ G gj is the probability distribution of waiting time from the arrival of the order to the completion of the customer order. Because the periodic inspection strategy is used in this paper, the reorder point S k of inventory product k is determined by the replenishment period plus the demand in a inspection cycle. Therefore, given a reorder point S k , the membership function of the material response time of product k can be calculated, which can be expressed as the probability or necessity that the demand of (L k ⊕ (1 − λ) R k ) is greater than that of S k in the inspection period of λ times, equal to the replenishment time of k plus (1 − λ) times.
The formula is expressed as follows:
In the formula, D k (T ) is a function of time T ; R k is the review cycle of inventory product k; L k is the fuzzy replenishment lead time of inventory product k; S k is the order quantity of inventory product k.
D k (T ) indicates that the demand for inventory products k in time T can be expressed numerically as D k (T ) = T ⊗ d k . In other words, equations (4) and (5) compute the likelihood and inevitability of waiting for λ review cycles to fully satisfy all customer orders given S k . If a decision maker is pessimistic, equation (4) can be used to estimate the most unsatisfactory response time of the material. On the contrary, if the decision maker is optimistic, equation (5) can be used to estimate the most optimistic case of material response time. In order to avoid the calculation of material response time being too strict or too loose, the fuzzy material response time is given according to the weighted average of optimistic and pessimistic results.
In the formula, ρ is the decision psychology index.
The parameter ρ is determined by the mindset of the decision maker. If decision makers hold a pessimistic attitude, the value of ρ should be greater than 0.5 and vice versa less than 0.5. Since the fuzzy material response time obtained from equations (4) and (5) is not a fuzzy number, we also use an approximate method to calculate a six-point fuzzy number to approximate the fuzzy material response time, which makes the subsequent operation easier [19] . The approximate method is as follows: the membership function of the fuzzy material response time is the six-point fuzzy number 0, 0, 0, τ (1) k , τ (γ ) k , τ (ε) k , when decision makers are pessimistic,
when decision makers are optimistic, As shown in Figure 4 ,the probability distribution function of the material response time is not an incremental function, because as λ increases, the likelihood that the inventory product can satisfy future orders will decrease (that is, the likelihood that the demand in period L k ⊕ (1 − λ) R k will exceed S k will decrease).
IV. RESEARCH ON DYNAMIC OPTIMIZATION OF RESOURCE ALLOCATION BASED ON FUZZY DECISION MODE
Fuzzy decision-making model has a certain timeliness to adapt to the cloud service supply chain system in the Internet of Things environment. The resource allocation system under the Internet of Things should be a real-time, efficient and accurate supply system. It is necessary to improve the efficiency of dynamic optimal allocation decision-making of supply chain system by introducing fuzzy decision-making model [20] . As shown in Figure 5 , the resource allocation diagram is dynamically optimized for the fuzzy decision model.
A. FUZZY DECISION MODEL TO OPTIMIZE RESOURCE ALLOCATION DYNAMICS
The whole cloud service system is a system that dynamically configures resources over time, that is to say, not only the resources trading capability of enterprises on the platform is changing, but also the total amount of resources owned by all participating enterprises is changing at any time. Under the cloud manufacturing mode, the self-growth of the total resource capacity, the natural decrease of the total resource capacity and the growth brought by the transaction of resources affect the total enterprise resource capacity [21] . On this basis, we can get the dynamic equation of manufacturing resource capacity x i and x j of resource supplier CSP j (Cloud Service Provider,CSP) and resource demander CSD i (Cloud Service Demander,CSD) as follows:
The total resource capacity Q provided by the resource provider CSP j on the cloud manufacturing service platform of the Internet of things is:
The above formula is brought into the cost function of resource demander and resource provider, and the total cost function C D and C S of all resource demander and all resource provider are obtained as follows:
The total revenue of all users on the IOT cloud manufacturing service platform is:
On the time T of resource transaction, the total profit of all users on cloud manufacturing service platform is:
In resource allocation, the cloud manufacturing service platform aims at maximizing the total profit of the whole cloud service system. (14) By introducing the cost function and equation (9) (10) of CSD and CSP into the above equation, the objective function of decision-making for cloud manufacturing service platform is obtained.
In the formula, 0 ≤ a ij ≤ 1.
In the state equation (7) (8) , the value a ij of each enterprise on the cloud manufacturing service platform is determined by the cloud manufacturing service platform. By adjusting the value of a ij to maximize the value of the objective function (15) , it is equivalent to the dynamic game between N enterprises, and eventually it will reach equilibrium, thus forming the optimal manufacturing resources of the cloud manufacturing service platform. The optimal strategy of Pareto allocation.
B. NUMERICAL SIMULATION AND SIMULATION
In this paper, by simulating the supply chain enterprise resource platform, the fuzzy decision model is used to dynamically optimize the material inventory decision-making and cloud platform resource allocation. Ten firms (N = 10) were selected to participate in resource trading, of which 6 (N n = 6) were resource providers (CSP), 4 (n = 4) were resource demanders (CSD), and the discount rate parameter was assumed to be 8%. The system entity status and parameters are shown in Table 1 and table 2: Note: To simplify the calculation, assume that each enterprise's resources are 1, and R j represents the ratio of the resource capability provided by the resource provider CSP j to its total resource volume.
The dynamic optimal allocation model of resources under fuzzy decision-making is very meaningful to the decision-making of supply chain enterprises. Through this model, the resource sharing ratio between resource provider CSP j and resource demander CSD i can be obtained intuitively. The change of the relevant parameters will have an impact on the ratio of Pareto optimal resource supply to the resource provider.
C. SIMULATION RESULT
As can be seen from Figure 6 : First, resource provider's income transformation capability goes up and then down, this is because when its operation capacity increases to a certain level, the demander can learn to control certain resource capacity, and its dependence on cloud service platform will be reduced. Resource demand's income transformation capacity is similar. In addition, at the highest point, there is a difference between the two curves of resource providers and demanders, and the difference between supply and demand is due to their different operating capacity, providing a basis for better management of the Internet of Things service platform, if you want to increase the number of enterprises on the cloud system service platform. Quantity and total transaction volume of resources must be concerned about the differences in operational capabilities between enterprises, so that different resource demand and suppliers can get the required transactions on the cloud platform.
As can be seen from Figure 7 , compared with decentralized decision-making, the fuzzy decision-making model based on fuzzy algorithm has the characteristics of high efficiency and high profit. Under the condition of Internet of Things, the information comprehensive ability of fuzzy decision-making model is enhanced, and the comprehensive benefit of supply chain enterprises is greatly enhanced. As shown in Figure 8 , when the cost coefficient of resource demander CSD i increases, the resource supplier CSP j provides the required resources through the Internet of Things service platform, and at the same time reduces the profitability of the demander CSD i , which in turn reduces the total revenue of the whole enterprise on the Internet of Things service platform. If the transaction cost coefficient of CSP j increases, the transaction income will decrease, and the total resource capacity will also be limited. The use of fuzzy decision-making model can effectively reduce the demand side and the supply side of resources. Overall cost. Figure 9 is the error analysis of the fuzzy decision model. The result shows that the error of the fuzzy decision model can be controlled within 5%, which indicates that the fuzzy decision model has strong adaptability in the decision-making of supply chain enterprises.
V. CONCLUSION
This paper analyzes the operation characteristics of supply chain enterprises under the Internet of Things (IOT). A fuzzy decision model is established to provide decision theory for the inventory nodes of supply chain enterprises, so as to optimize the resource allocation of the whole supply chain enterprises.
(1) The development of the Internet of Things has greatly increased the links between enterprises in the supply chain, and produced a large number of real-time data. By establishing a six-point fuzzy decision-making model to optimize the inventory node decision-making means, the work efficiency and overall income of the supply chain enterprise resource allocation can be effectively improved.
(2) Different resource suppliers and demanders have different comprehensive optimal allocation models. Through the establishment of fuzzy decision-making model, the inventory decision-making point is found to maximize the allocation of resources under a certain enterprise operational capacity, so as to improve the profit transformation ability of supply chain enterprises and obtain management decisions for cloud platform. It provides a theoretical basis for direction.
(3) From the point of view of the Internet of Things service platform, this paper constructs a resource optimal allocation model, which guides the decision-making of supply chain enterprises through fuzzy decision-making model, and guarantees the maximum benefit of the whole cloud platform system. However, in the actual operation process, due to the psychological opportunism, enterprises will be likely to pursue individual goals and damage the overall objectives, so how to reduce the fuzzy decision-making errors, enhance the cooperation between supply chain enterprises, and ensure the stability of the cloud Internet of Things service system is very necessary, which will be the next step research direction. 
